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Introduction

This course material is designed for second-year undergraduate students in Hydraulics,

aiming to provide them with a solid understanding of the fundamental concepts of statistics

and probability that are essential for analyzing and interpreting data in hydraulic engineering

and related �elds. Statistics and probability are crucial tools that help engineers make

informed decisions based on data, and this material will equip students with the knowledge

necessary to apply these concepts e¤ectively.

The �rst part of this material introduces basic statistical methods, focusing on one-

variable statistical series. Students will learn how to organize and analyze raw data through

concepts like frequency, relative frequency, cumulative frequency, and graphical representa-

tions. Additionally, the material covers measures of central tendency (such as mean) and

measures of dispersion (such as variance and standard deviation), which are critical for un-

derstanding how data is distributed and how it varies.

The material then progresses to the study of bivariate statistical series, which deals with

the relationships between two variables. Key concepts such as scatter plots, covariance, and

contingency tables are explored. These tools will help students understand how two variables

may be related and provide a foundation for further statistical analysis, including correlation

and regression, which are widely used in hydraulic system modeling and analysis.

In the second part of the material, probability theory is introduced. Probability is a
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CONTENTS INTRODUCTION

key component of many mathematical models used in engineering, including hydraulics.

This part covers fundamental principles of counting, combinatorics, and basic probability

rules. Students will also learn about conditional probability, independent events, and Bayes�

Theorem, which are essential for analyzing random processes and making predictions based

on available data. The material further explores discrete and continuous random variables,

introducing several important probability distributions, including the Bernoulli, Binomial,

Poisson, Uniform, Normal, and Standard Normal distributions.

At the end of each part on statistics or probability, a set of solved exercises is provided

that covers all the concepts presented.
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Part I

Statistics
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You are exposed to statistics in many parts of your life. If you are a sports fan, then

you have the statistics for your favorite player. If you are interested in politics, then you

look at the polls to see how people feel about certain issues or candidates. If you are an

environmentalist, then you research arsenic levels in the water of a town or analyze the

global temperatures. If you are in the business profession, then you may track the monthly

sales of a store or use quality control processes to monitor the number of defective parts

manufactured. If you are in the health profession, then you may look at how successful

a procedure is or the percentage of people infected with a disease. There are many other

examples from other areas. To understand how to collect data and analyze it, you need to

understand what the �eld of statistics is and the basic de�nitions.
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CHAPTER 1

Basic De�nitions

Statistics is the study of how to collect, organize, analyze, and interpret data collected

from a group. There are two branches of statistics. One is called descriptive statistics,

which is where you collect and organize data. The other is called inferential statistics,

which is where you analyze and interpret data.

De�nition 1.1 In statistical analysis, an individual (or element) refers to a person or

object of interest for which information is being sought. A variable is a characteristic being

studied that can take di¤erent values across di¤erent individuals. The speci�c value of a

variable for a given individual is referred to as an observation or measurement. When

both the individual and the variable are considered together, they form a population, which is

the complete set of individuals, items, or data that share at least one common characteristic.

A sample is a subset of this population, resembling the population but containing fewer data

points.

Example 1.1 A researcher wants to know the average height of high school students in

Texas. She selects 200 students randomly and measures their heights.

Population: All high school students in Texas.

Sample: 200 randomly selected students.

Variable: Height.
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CHAPTER 1. BASIC DEFINITIONS

Individual: One high school student from the sample.

Example 1.2 A biologist wants to study the e¤ect of a new fertilizer on tomato plants. She

selects 50 plants and measures how many tomatoes each plant produces.

Population: All tomato plants treated with the new fertilizer.

Sample: The 50 selected plants.

Variable: Number of tomatoes produced.

Individual: One tomato plant in the sample

In statistics, we have two types of variables according to their elements; �rst type is called

quantitative variable and the second one is called qualitative variable. It is important

to know the di¤erence between them.

De�nition 1.2 Qualitative variable (or categorical data) gives us names or labels that

are not numbers representing the observations. For example:

-The gender of Organisms Male, Female ......
-Eye color of people Black, Brown, Blue, Green, ...
-Religious a¢ liation Muslim, Christian, Jew, ...
-Results tossed a coin twice HH, HT, TH, TT (H=Head, T=Tail)

De�nition 1.3 Quantitative variable gives us numbers representing counts or measure-

ments. For example:

-The number of children in a family, , where we have 1,2,3, ...or k children.
- Weight: can be measured with precision (e.g., 55.3 kg, 68.7 kg, 72.1 kg).
Moreover, the variables measured in quantitative data divided into two main types, dis-

crete and continuous.

De�nition 1.4 Discrete variable can only take on particular values like integers. Discrete

data are usually things you count. For example:

-The number of children in a family, , where we have 1,2,3, ...or k children.
-Number of accidents in a city, where we have 1,2,3,... or k accidents.

De�nition 1.5 Continuous variable can take on any value. Continuous data are usually

things you measure (assume all values between any two speci�c values, i.e. they take all

values in an interval. They often include fractions and decimals). For example:
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CHAPTER 1. BASIC DEFINITIONS

- Weight: can be measured with precision (e.g., 55.3 kg, 68.7 kg, 72.1 kg).
- Time: Time can be measured with precision, (e.g., 10:30:15.5 AM, 10:45:30.75 AM).
- Height: can take on any value within a range (e.g., 150.5 cm, 162.3 cm, 175.9 cm).

The graph below summarize the classi�cation of variables

Classi�cation of variables

Department of Hydraulicsp. 11Dr. S. Aichouche, Department of Hydraulics, Universtity of M�sila p. 11



CHAPTER 2

One-variable Statistical Series

The sample and the variables produce some data (the values of the variables when applied

to the sample). We want to understand these data. First, one variable at a time!

1. Construct frequency tables.

2. Construct graphs.

3. Compute statistics.

Each option above provides di¤erent understanding of the data.

2.1 Frequency, Relative frequency, Percentage, Cumu-
lative frequency

Idea: to count how often a certain values appears in our data.

It depends on the type of data (type of variable).

-Frequency ni: count how many times each value appears in the table.

-Relative frequency of a category fi =
ni
N
=
Frequency of that category
Sum of all frequencies

:

-The percentage of a category pi=fi�100% = (Category Relative Frequency)�100%.

-Ascending cumulative frequency Ni = n1 + : : : + ni: sum of the frequencies of all

previous values.

-Ascending cumulative-relative frequency Fi =
Ni
N
: quotients of the ascending

cumulative frequencies by the size of the sample.

12



2.1. FREQUENCY, RELATIVE FREQUENCY, PERCENTAGE, CUMULATIVE FREQUENCYCHAPTER 2. ONE-VARIABLE STATISTICAL SERIES

Example 2.1 (Qualitative Variables) The following table shows the eye color for some

people. (We denote Pi (i = 1, 2, ..., 9) as person number i):

P1 P2 P3 P4 P5 P6 P7 P8 P9
green blue brown blue green brown black brown black

The following table summarizes the results:

Variable Frequency ni Relative frequency fi Percentage pi
Green 2 0:222 22:2%
Blue 2 0:222 22:2%
Brown 3 0:333 33:3%
Black 2 0:222 22:2%

Total N = 9

Example 2.2 (Discrete Variables) The following serie shows the number of cars registered

to each home in a block of 20 apartments:

1, 2, 1, 0, 3, 4, 0, 1, 1, 1, 2, 2, 3, 2, 3, 2, 1, 4, 0, 0

The following table summarizes the results:

Variable Frequency ni R. frequency fi Percentage pi A. c. f Ni A. c. r. f. Fi
0 4 0:2 20% 4 0:2
1 6 0:3 30% 10 0:5
2 5 0:25 25% 15 0:75
3 3 0:15 15% 18 0:90
4 2 0:1 10% 20 1

Total N = 20

Remark 2.1 Cumulative frequencies do not make sense when applied to qualitative vari-

ables!!

Example 2.3 (Continuous Variables) The following table displays the CO2 emissions per

person in countries with over 20 million people population:
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2.2. GRAPHSCHAPTER 2. ONE-VARIABLE STATISTICAL SERIES

draw the table of frequencies

Interval ni Ni fi Fi Length li Class mark(Mid� point)
[0, 3) 24 24 0.5 0.5 3 1.5
[3, 6) 8 32 0.16667 0.66667 3 4.5
[6, 9) 7 39 0.14583 0.8125 3 7.5
[9, 12) 6 45 0.125 0.9375 3 10.5
[12,15) 0 45 0 0.9375 3 13.5
[15,18) 2 47 0.04167 0.97917 3 16.5
[18,21) 1 48 0.02083 1 3 19.5

2.2 Graphs

A graph is worth a thousand words! Graphs allow for a quick understanding of the distribu-

tion of the data.

Again, the type of data (variable) is important when choosing the type of graph we want.

Quantitative Bar chart./ Pie chart (circle graph).
Discrete Bar chart./ Cumulative bar chart.
Continuous Histogram / Cumulative frequencies graph.

Some important remarks about histograms:
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2.3. DESCRIPTIVE STATISTICSCHAPTER 2. ONE-VARIABLE STATISTICAL SERIES

� Choose intervals of the same length

� They look a lot like bar charts, but histograms contain a lot more information than bar

charts!!

2.3 Descriptive Statistics

2.3.1 Measures of Central Tendency (or location)

Example 2.4 (Discrete Variables) for example 2.2

� Mode: most frequent value(s). A sample could have more than one mode.

Mod = 1:

� Mean:average of the data.

x =
n1 � x1 + :::+ np � xp

N
=
4� 0 + :::+ 2� 4

20
= 1:65:

� Median:middle point of the data.

-list the values in the original table in ascending (or descending) order;

-if the sample has odd size, the median is the value in the middle of the list;

-if the sample has even size, there will be two values in the middle, and the median is

the average of these two values.

Med =
1 + 2

2
= 1:5:

Example 2.5 (Continuous Variables) for example 2.3

� Modal class: the interval with highest absolute frequency. In this case: [0; 3) is the

modal class.

� Mean estimate: average of all values with respect to the class marks! The general

formula is

x =
n1 � c1 + :::+ np � cp

N
=
(24� 1:5) + (8� 4:5) + :::+ (2� 16:5) + (1� 19:5)

48
= 5:
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2.3. DESCRIPTIVE STATISTICSCHAPTER 2. ONE-VARIABLE STATISTICAL SERIES

� Median estimate: �rst, we need the median class, which is the class that contains at

least half of the total frequency. Once we have the median class, the formula is

Med = LM +
N
2
�BM
FM

� lM ;

where

LM is the lower bound of the median class;

N is the total frequency;

BM is the cumulative frequency before the median class;

FM is the absolute frequency of the median class;

lM is the length of the median class.

In our example, the median class is [0; 3) as it already contains half of the individuals.

Thus, the estimate for the median is

Med = 0 +
48
2
� 0
24

� 3 = 3:

2.3.2 Measures of Dispersion (or Variation)

� Range: it is the di¤erence between the largest value (Max) and the smallest value

(Min).

Range(R) =Max�Min:

� Variance: it is the average of the squares of the di¤erences between each of the

observations and the mean.

V =

pX
i=1

ni (xi � x)2

N
=

pX
i=1

nix
2
i

N
� x2:

Remark 2.2 For a continuous variable we replace the xi by ci:

� Standard Deviation: it is the square root of the variance.

S =
p
V :
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2.3. DESCRIPTIVE STATISTICSCHAPTER 2. ONE-VARIABLE STATISTICAL SERIES

� Coe¢ cient of Variation: it is the quotient of the standard deviation by the absolute

value of the mean.

CV =
S

jxj :

Some remarks about Coe¢ cient of Variation.

-Unlike the variance and the standard deviation, coe¢ cient of variation has no units.

-This makes it very suitable for comparing dispersion between two variables.

-Also, if CV is smaller or equal than 0.3 then we may consider that the variable is nicely

distributed (otherwise it is disperse, and the higher the value of CV the more disperse the

variable is).

-If the mean is close to zero, then CV is not very useful.

Example 2.6 (Discrete Variables) For example 2.2

Range(R) = 4� 0 = 4:

V =

5X
i=1

nix
2
i

20
� 1:652 = 1:5275:

S =
p
1:5275 = 1:2359:

CV =
1:2359

j1:65j = 0:7490:

Example 2.7 (Continuous Variables) For example 2.3

V =

7X
i=1

nic
2
i

48
� 52 = 45:75� 25 = 20:75:

S =
p
20:75 = 4:56:

CV =
4:56

j5j = 0:91:
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CHAPTER 3

Bivariate Statistical Series

In the previous chapter, we discussed methods for analyzing data related to a single

variable. However, in many cases, analyzing only one variable is not su¢ cient to understand

the phenomena and patterns we encounter. Often, we need to analyze more than one variable

at the same time to understand the relationship between them. For example, in studying

the e¤ect of education on income, or examining the relationship between blood pressure and

pulse in individuals, it becomes essential to examine the relationship between two variables

together.

In this chapter, we will explore bivariate statistical series, which involves studying the

relationship between two variables. We will begin by de�ning the bivariate series, then move

on to the calculations related to it. We will learn how to compute measures that re�ect the

strength of the relationship between variables, and how to represent this relationship using

tables and graphs.

De�nition 3.1 Let X and Y be two random variables where xi is a value of X and yi is a

value of Y . Here, i ranges from 1 to n:

The statistical series involving two variables can be represented as a set of N ordered

pairs: f(x1; y1); (x2; y2); : : : ; (xN ; yN)g:

Example 3.1 Suppose you are studying the relationship between the number of hours studied

and the scores on an exam. You collect the following table of data points:

18



3.1. SCATTER PLOTCHAPTER 3. BIVARIATE STATISTICAL SERIES

the number of hours X 1 2 3 4 5
the scores on an exam Y 50 55 60 65 70

3.1 Scatter Plot

De�nition 3.2 a scatter plot is a set of pairs (xi; yi) plotted on a Cartesian plane with X

on the horizontal axis and Y on the vertical axis.

Example 3.2 Label the x-axis as "Hours of Study."

Label the y-axis as "Exam Score."

3.2 Covariance

We denote by Cov(X;Y ) the covariance between the variables X and Y . Covariance is a

parameter that indicates the variability of X in relation to Y .

Covariance is calculated by the following expression

Cov(X;Y ) =
1

N

NX
i=1

(xi � x) (yi � y) =
1

N

NX
i=1

xiyi � xy:

Example 3.3

x =
1 + :::+ 5

5
= 3:

y =
50 + :::+ 70

5
= 60:

Cov(X;Y ) =
1

N

NX
i=1

xiyi � xy = 190� 180 = 10:
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3.3. CONTINGENCY TABLECHAPTER 3. BIVARIATE STATISTICAL SERIES

3.3 Contingency Table

De�nition 3.3 A contingency table is a tabular representation of the joint distribution of two

variables X and Y. It displays the frequency (or count) of occurrences for each combination

of the variables.

Here�s a general format for a contingency table with variables X and Y:

X�Y y1 y2 � � � yj � � � yl M.D. of X
x1 n11 or f11 n12 or f12 � � � n1j or f1j � � � n1l or f1l n1� or f1�
x2 n21 or f21 n22 or f22 � � � n2j or f2j � � � n2j or f2l n2� or f2�
...

...
...

...
... � � � ...

...
xi ni1 or fi1 ni2 or fi2 � � � nij or fij � � � nil or fil ni� or fi�
...

...
...

...
... � � � ...

...
xk nk1 or fk1 nk2 or fk2 � � � nkj or fkj � � � nkl or fkl nk� or fk�

M.D. of Y n�1 or f�1 n�2 or f�2 � � � n�j or f�j � � � n�l or f�l total N

(M.D. = Marginal Distribution), where:

�
lX

j=1

kX
i=1

nij = N:

�
lX

j=1

kX
i=1

fij = 1:

3.4 Marginal Distributions

The marginal distributions of X and Y can be derived from the contingency table. The

marginal distribution of a variable is obtained by summing the frequencies across the rows

or columns.

� Marginal Distribution of X: to �nd this, you sum the counts across all levels of Y.

For each row i = 1; � � � ; k;

ni� =
lX

j=1

nij and fi� =
ni�
N
=

lX
j=1

fij:
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3.5. CONDITIONAL DISTRIBUTIONSCHAPTER 3. BIVARIATE STATISTICAL SERIES

� Marginal Distribution of Y: to �nd this, you sum the counts across all levels of X.

For each row j = 1; � � � ; l;

n�j =

kX
i=1

nij and f�j =
n�j
N
=

kX
i=1

fij:

3.5 Conditional Distributions

The conditional distribution of one variable given the value of the other variable describes

the distribution of one variable while holding the other variable constant.

� Conditional Distribution of X given Y = yj :

X=Y = yi x1 x2 � � � xk total
nij n1j n2j � � � nkj n�j

� Conditional Distribution of Y given X = xi :

Y=X = xi y1 y2 � � � yl total
nij ni1 ni2 � � � nil ni�

3.6 Numerical Description

In the case of a two-dimensional statistical variable X and Y , the means are given respectively

by:

X =
1

N

kX
i=1

ni�xi =

kX
i=1

fi�xi (mean of X) ;

and

Y =
1

N

lX
j=1

n�jyj =
lX

j=1

f�jyj (mean of Y) :

In the continuous case, xi and yj represent respectively the center of the classes for X

and Y.
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We now de�ne the variance of X and the variance of Y as follows,

V ar(X) =
1

N

kX
i=1

ni�x
2
i �X

2
;

V ar(Y ) =
1

N

lX
j=1

n�jy
2
j � Y

2
:

The standard deviations of X and Y are given, respectively, by

�X =
p
V ar(X) and �Y =

p
V ar(Y ):

The covariance between the variables X and Y is calculated by the following expression

Cov(X;Y ) =
1

N

kX
i=1

lX
j=1

nijxiyj �XY :

3.7 The Correlation Coe¢ cient r

The correlation coe¢ cient, often represented by r, is a statistical measure that describes the

strength and direction of a linear relationship between two variables.

De�nition 3.4 The quantity

r =
Cov(X;Y )

�X�Y

is called the correlation coe¢ cient.

Remark 3.1 � Range: �1 � r � 1;

� r = 1 :Perfect positive correlation,

� r = �1 :Perfect negative correlation,

� 0:7 �j r j< 1 :Strong correlation,

� 0:3 �j r j< 0:7 :Moderate correlation,

� 0 <j r j< 0:3 :Weak correlation,
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� r = 0 :No correlation.

Example 3.4 For example 3.1

r =
Cov(X;Y )

�X�Y
=

1
N

NX
i=1

xiyi � xyvuut 1
N

NX
i=1

x2i �X
2

vuut 1
N

NX
i=1

y2i � Y
2

=
10p
2
p
5
= 1:

In this example, the correlation coe¢ cient r is 1, which indicates a perfect positive

linear relationship between the number of hours studied and exam scores.

Exercise: Contingency Table

A study was conducted on 80 individuals to analyze the relationship between two numer-

ical variables:

� Variable X: takes values x1 = 1, x2 = 2, x3 = 3.

� Variable Y : takes values y1 = 10, y2 = 20, y3 = 30.

The following contingency table shows the joint frequencies:

XnY y1 y2 y3
x1 = 1 10 5 5
x2 = 2 5 10 5
x3 = 3 10 10 20

1. Calculate the marginal distributions (frequencies) of variables X and Y .

2. Find the conditional distribution of X given Y = 20.

3. Find the conditional distribution of Y given X = 3.

4. Calculate the mean (expected value) of X and Y .

5. Calculate the variance of X and Y .

6. Compute the covariance between X and Y .
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7. Calculate the correlation coe¢ cient between X and Y and interpret the result.

Solutions

1. Marginal Distributions (Frequencies)

X value Frequency
x1 = 1 10 + 5 + 5 = 20
x2 = 2 5 + 10 + 5 = 20
x3 = 3 10 + 10 + 20 = 40

Y value Frequency
y1 = 10 10 + 5 + 10 = 25
y2 = 20 5 + 10 + 10 = 25
y3 = 30 5 + 5 + 20 = 30

2. Conditional Distribution of X given Y = 20

P (X = xi j Y = 20) =
ni2
n�2

Where n�2 = 25.

X value P (XjY = 20)
x1 = 1

5
25
= 0:20

x2 = 2
10
25
= 0:40

x3 = 3
10
25
= 0:40

3. Conditional Distribution of Y given X = 3

P (Y = yj j X = 3) =
n3j
n3�

Where n3� = 40.

Y value P (Y jX = 3)
y1 = 10

10
40
= 0:25

y2 = 20
10
40
= 0:25

y3 = 30
20
40
= 0:50

4. Mean of X and Y

�X =
1� 20 + 2� 20 + 3� 40

80
=
180

80
= 2:25

�Y =
10� 25 + 20� 25 + 30� 30

80
=
1650

80
= 20:625
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5. Variance of X and Y

E(X2) =
12 � 20 + 22 � 20 + 32 � 40

80
=
460

80
= 5:75

E(Y 2) =
102 � 25 + 202 � 25 + 302 � 30

80
=
39500

80
= 493:75

Var(X) = E(X2)� ( �X)2 = 5:75� (2:25)2 = 0:6875

Var(Y ) = E(Y 2)� ( �Y )2 = 493:75� (20:625)2 = 68:359375

6. Covariance Cov(X; Y )

E(XY ) =

(1� 10� 10) + (1� 5� 20) + (1� 5� 30)

+(2� 5� 10) + (2� 10� 20) + (2� 5� 30)

+(3� 10� 10) + (3� 10� 20) + (3� 20� 30)
80

=
3850

80
= 48:125

Cov(X; Y ) = E(XY )� �X �Y = 48:125� (2:25)(20:625) = 1:71875

7. Correlation Coe¢ cient

�X =
p
0:6875 � 0:829; �Y =

p
68:359375 � 8:27

r =
1:71875

0:829� 8:27 � 0:251

Interpretation: There is a weak positive linear correlation between X and Y .
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3.8 Regression Line

The idea is to transform a scatter plot into a line. This line should be as close as possible

to each of the points. Therefore, the objective is to minimize the discrepancies between the

points and the line.

For this purpose, the method of least squares is used. This method aims to explain a

scatter plot by a line that relates Y to X, that is,

Y = aX + b;

such that the distance between the scatter plot and the line is minimized.

For the regression line equation, the coe¢ cient a is calculated as:

a =
Cov(X;Y )

V ar(X)
;

and the intercept b is calculated as:

b = Y � aX:

Example 3.5 For example 3.1

a =
Cov(X;Y )

V ar(X)
=
10

2
= 5:

b = Y � aX = 60� 5� 3 = 45:

So the regression equation is:

Y = 5X + 45:
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Solved Exercises

Exercise Statements

Exercise N�01

For each of the following situations, answer questions (a) through (d):

(a) What is the population?

(b) What is the sample in the study?

(c) What is the variable of interest?

(d) What is the type of the variable?

Situation A: A researcher is conducting a study on employee satisfaction in �ve inter-

national companies. She sends out a survey asking employees to rate their satisfaction on a

scale from 1 to 10 and also to mention their department (HR, Marketing, Sales, etc.)

Situation B: An education researcher is studying students�performance in mathematics.

She selects 150 students from 10 schools and records their math grades and the name of their

school.

Situation C: A university wants to study the relationship between students��elds of

study and the number of hours they spend studying per week. A survey is sent to 500

students from di¤erent colleges within the university. The students are asked:

Their �eld of study (e.g., Engineering, Medicine, Business, Arts)

The number of hours they study per week
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Whether they prefer studying alone or in groups

Exercise N�02

For each variable below related to university life, determine: Whether the data is Qual-

itative or Quantitative. If Quantitative, is it Discrete or Continuous?

1. Number of courses a student is enrolled in.

2. Student�s academic level.

3. The student�s height (in cm).

4. Preferred mode of learning (Online, In-person, Hybrid).

5. Time spent studying each day (in hours).

6. Grade in the �nal statistics exam.

7. The name of the student�s university.

8. Number of group projects completed this semester.

Exercise N�03

The following table shows the result of rolling a die 40 times

1 4 3 2 6 6 3 1 6 4
5 2 3 1 4 4 5 4 6 1
3 2 4 6 1 5 2 2 3 2
6 5 4 2 1 6 3 1 2 1

1. Complete the folowing table:

Variable xi Frequency ni R. frequency fi Percentage pi A. c. f Ni A. c. r. f. Fi
1
2
3
4
5
6

Total N =

1. Find the mean, the median, and the mode.
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2. Find the range, the variance, the standard deviation, and the coe¢ cient of variation.

3. Draw the Bar chart.

Exercise N�04

The following table shows the weights (in kg.) of 100 people:

1. Complete the folowing table:

Interval ni Ni fi Fi Length li Class mark(Mid� point)
[31,41)
[41,51)
[51,61)
[61,71)
[71,81)
[81,91)
[91,101)
[101,111)
[111,121)

2. Find the modal class, the mean, the median.

3. Find the range, the variance, the standard deviation, and the coe¢ cient of variation.

4. Draw the histogram.
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Exercise N�05

An experiment was conducted on 234 people to study the relationship between age X and

sleep duration Y(hours). The following table was obtained:

X�Y [5; 7[ [7; 9[ [9; 11[ [11; 15[ total ni� fi� xi (center of x)
[1; 3[ 0 0 2 36
[3; 11[ 0 3 12 26
[11; 19[ 2 8 35 16
[19; 31[ 0 26 22 3
[31; 59[ 22 15 6 0
total n�j /
f�j / /

yj (center of y) / / /

1. Complete the table.

2. Determine the marginal distributions of X and Y.

3. Calculate the marginal means and the marginal standard deviations of X and Y.

4. Determine the covariance and the linear correlation coe¢ cient.

5. Determine the regression line of Y as a function of X.

6. Estimate the sleep duration of a 66-year-old person.

7. Determine the conditional distribution of Y given X 2 [19; 31[:

8. Determine the conditional distribution of X given Y 2 [7; 9[:

Exercise N�06

Suppose we have a dataset representing student scores in two exams: Math and Physics.

The data is as follows:

Student 1 2 3 4 5
Math Score (xi) 78 85 92 70 80
Physics Score (yi) 82 88 95 75 85

1. Create a scatter plot of the data with Math scores on the x-axis and Physics scores on

the y-axis.
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2. Compute the covariance between Math scores and Physics scores.

3. Find the linear regression equation (line of best �t) for the data. The equation should

be in the form y = ax+ b:

4. Plot the regression line on the scatter plot.

5. Calculate the correlation coe¢ cient between Math scores and Physics scores.

6. Interpret the value of r in terms of the strength and direction of the relationship.

Exercice Solutions

Exercise �01

Situation A: Population: All employees in the �ve international companies.

Sample: The employees who actually responded to the survey.

Individual: One employee who completes the survey.

Variables: Satisfaction rating ! Quantitative, Department ! Qualitative.

Situation B: Population: All students in the 10 schools.

Sample: 150 selected students.

Individual: One student from the selected group.

Variables: Math grade ! Quantitative, School name ! Qualitative.

Situation C: Population: All students at the university.

Sample: The 500 students who responded to the survey.

Individual: One student who completed the survey.

Variables: Field of study ! Qualitative, Hours studied per week ! Quantitative, Study

preference (alone or group) ! Qualitative.

Exercise N�02

Items 1, and 8 are quantitative discrete; items 3, 5, and 6 are quantitative continuous;

items 2, 4 and 7 are qualitative, or categorical.
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Exercise N�03

1. Complete the folowing table:

Variable xi Frequency ni R. frequency fi Percentage pi A. c. f Ni A. c. r. f. Fi
1 8 0:2 20% 8 0:2
2 8 0:2 20% 16 0:4
3 6 0:15 15% 22 0:55
4 7 0:175 17:5% 29 0:725
5 4 0:1 10% 33 0:825
6 7 0:175 17:5% 40 1

Total N = 40

1. Find the mean, the median, and the mode.

� Mode: most frequent values in the table. In this case, there are two

Mod = 1 and 2:

� Mean:average of the data.

x =
n1 � x1 + :::+ np � xp

N
=
8� 1 + :::+ 7� 6

40
= 3:3:

� Median:middle point of the data.

Med =
3 + 3

2
= 3:

3. Find the range, the variance, the standard deviation, and the coe¢ cient of variation.

� Range: it is the di¤erence between the largest value (Max) and the smallest value

(Min).

Range(R) =Max�Min = 6� 1 = 5:

� Variance:

V =

pX
i=1

nix
2
i

N
� x2 = 13:95� 10:89 = 3:06:

Department of Hydraulicsp. 32Dr. S. Aichouche, Department of Hydraulics, Universtity of M�sila p. 32



3.8. REGRESSION LINECHAPTER 3. BIVARIATE STATISTICAL SERIES

� Standard Deviation:

S =
p
3:06 = 1:749:

� Coe¢ cient of Variation:

CV =
1:749

3:3
= 0:53:

Exercise N�04

1. Complete the folowing table:

Interval ni Ni fi Fi Length li Class mark(Mid� point)
[31; 41) 1 1 0:01 0:01 10 36
[41; 51) 7 8 0:07 0:09 10 46
[51; 61) 11 19 0:11 0:19 10 56
[61; 71) 19 38 0:19 0:38 10 66
[71; 81) 16 54 0:16 0:54 10 76
[81; 91) 20 74 0:20 0:74 10 86
[91; 101) 13 87 0:13 0:87 10 96
[101; 111) 8 95 0:08 0:95 10 106
[111; 121) 5 100 0:05 1 10 116

2. Find the modal class, the mean, the median.

� Modal class: [81; 91) is the modal class.

� Mean estimate:

x =
n1 � c1 + :::+ np � cp

N
=
(1� 36) + (7� 46) + :::+ (5� 116)

100
= 78:40:

� Median estimate:

Med = LM +
N
2
�BM
FM

� lM = 71 +
50� 38
16

� 10 = 78:50:

3. Find the range, the variance, the standard deviation, and the coe¢ cient of variation.

Range(R) = 120:69� 32:11 = 88:58:

V =

9X
i=1

nic
2
i

100
� 78:402 = 6506:80� 78:402 = 360:24:

S =
p
360:24 = 18:98:

CV =
18:98

78:40
= 0:24:
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Exercise N�05

An experiment was conducted on 234 people to study the relationship between age X and

sleep duration Y. The following table was obtained:

1. Complete the table.

X�Y [5; 7[ [7; 9[ [9; 11[ [11; 15[ total ni� fi� xi (center of x)
[1; 3[ 0 0 2 36 38 38

234
2

[3; 11[ 0 3 12 26 41 41
234

7
[11; 19[ 2 8 35 16 61 61

234
15

[19; 31[ 0 26 22 3 51 51
234

25
[31; 59[ 22 15 6 0 43 43

234
45

total n�j 24 52 77 81 234 1 /
f�j

24
234

52
234

77
234

81
234

1 / /
yj (center of y) 6 8 10 13 / / /

2. Determine the marginal distributions of X and Y.

The marginal distributions of X

X [1; 3[ [3; 11[ [11; 19[ [19; 31[ [31; 59[ total
ni 38 41 61 51 43 234

xi (center of y) 2 7 15 25 45 /

The marginal distributions of Y

Y [5; 7[ [7; 9[ [9; 11[ [11; 15[ total
nj 24 52 77 81 234

yj (center of y) 6 8 10 13 /

3. Calculate the marginal means and the marginal standard deviations of X and Y.

X =
1

234

5X
i=1

nixi = 19:18 (mean of X) ;

Y =
1

234

4X
j=1

njyj = 10:18 (mean of Y) ;

V ar(X) =
1

234

5X
i=1

nix
2
i �X

2
= 576:22� 19:182 = 208:35;

V ar(Y ) =
1

234

4X
j=1

njy
2
j � Y

2
= 109:32� 10:182 = 5:69:

�X =
p
V ar(X) = 14:43 and �Y =

p
V ar(Y ) = 2:39:
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4. Determine the covariance and the linear correlation coe¢ cient.

Cov(X;Y ) =
1

N

kX
i=1

lX
j=1

nijxiyj � xy

=
1

234
(2� 2� 10 + : : :+ 6� 45� 10)� 19:18� 10:18

= 169:12� 19:18� 10:18

= �26:13:

r =
Cov(X;Y )

�X�Y
=

�26:13
14:43� 2:39 = �0:76:

The value r = �0:76 indicate a strong negative correlation between X and Y.

5. Determine the regression line of Y as a function of X.

a =
Cov(X;Y )

V ar(X)
=
�26:13
208:35

= �0:125:

b = Y � aX = 10:18 + 0:125� 19:18 = 12:58:

So the regression equation is:

Y = �0:125X + 12:58:

6. Estimate the sleep duration of a 66-year-old person.

Y = �0:125� (66) + 12:58 ' 4 hours:

7. Determine the conditional distribution of Y given X 2 [19; 31[:

Y=X = [19; 31[ [5; 7[ [7; 9[ [9; 11[ [11; 15[ total
nj 0 26 22 3 51

8. Determine the conditional distribution of X given Y 2 [7; 9[:

X=Y = [7; 9[ [1; 3[ [3; 11[ [11; 19[ [19; 31[ [31; 59[ total
ni 0 3 8 26 15 52

Exercise N�06

Suppose we have a dataset representing student scores in two exams: Math and Physics.

The data is as follows:
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Student 1 2 3 4 5
Math Score (xi) 78 85 92 70 80
Physics Score (yi) 82 88 95 75 85

1. Create a scatter plot of the data with Math scores on the x-axis and Physics scores on

the y-axis.

2. Compute the covariance between Math scores and Physics scores.

x =
78 + :::+ 80

5
= 81:

y =
82 + :::+ 85

5
= 85:

Cov(X;Y ) =
1

5

5X
i=1

xiyi � xy = 6933:20� 6885 = 48:20:

3. Find the linear regression equation (line of best �t) for the data. The equation should

be in the form y = ax+ b:

a =
Cov(X;Y )

V ar(X)
=
48:20

53:6
= 0:9:

b = Y � aX = 12:1:

So the regression equation is:

Y = 0:9X + 12:1:

4. Plot the regression line on the scatter plot.

5. Calculate the correlation coe¢ cient between Math scores and Physics scores.

r =
Cov(X;Y )

�X�Y
=

1
N

NX
i=1

xiyi � xyvuut 1
N

NX
i=1

x2i �X
2

vuut 1
N

NX
i=1

y2i � Y
2

=
48:20p
53:6

p
43:6

= 0:997:

6. Interpret the value of r in terms of the strength and direction of the relationship.

The value r = 0 : 997 indicate a strong positive relationship between X and Y .
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You encounter probability in various aspects of your daily life, often without even realizing

it. If you are a sports fan, you might estimate the chances of your favorite team winning a

championship based on their past performance. If you are interested in weather forecasting,

you hear about the probability of rain tomorrow or the likelihood of extreme weather events.

If you are in the business �eld, you may calculate the risk of investing in a new project

or predict customer demand for a product. If you are in the health sector, you deal with

probabilities when determining the e¤ectiveness of a new treatment or the likelihood of

disease transmission. For those in engineering, probability is used to assess the reliability of

a machine or the risk of system failure. There are countless other examples where probability

plays a crucial role.

To make informed predictions and decisions in uncertain situations, it is essential to

understand the principles of probability, the methods for calculating it, and its real-world

applications.
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CHAPTER 1

Combinatorial Analysis

1.1 Multiplication Principle (Fundamental Principle
of Counting)

The Multiplication Principle states that if there are k sequential events, where the �rst event

can occur in n1 ways, the second event in n2 ways, and so on up to the k � th event, which

can occur in nk ways, then the total number of ways to perform these events is the product

of the number of ways for each event:

N = n1 � n2 � : : :� nk:

Example 1.1 Suppose you are playing a game that requires you to roll two dice.

Using the Multiplication Principle:

N = 6(forthe first die)� 6(forthe second die) = 36(total outcomes):

Therefore, there are 36 di¤erent possible outcomes when rolling two dice. You can get

combinations like (1, 1), (1, 2), (2, 1), (2, 2), and so on, up to (6, 6).

1.2 Arrangements, Permutations, Combinations

When you are selecting r elements from n di¤erent elements (where 1 � r � n )
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1.2. ARRANGEMENTS, PERMUTATIONS, COMBINATIONSCHAPTER 1. COMBINATORIAL ANALYSIS

1. Case: Order Matters (with repetition):

The number of Arrangements with repetition of r elements A
n

r = n
r:

Example 1.2 If you have 3 elements (A, B, C) and want to choose 2 with repetition:

A
3

2 = 3
2 = 9:

fAA;AB;AC;BB;BA;BC;CC;CB;CAg :

2. Case: Order Matters (without repetition):

The number of Arrangements without repetition of r elements Anr =
n!

(n� r)! :

Example 1.3 If you have 3 elements (A, B, C) and you want to select 2 without

repetition:

A32 =
3!

(3� 2)! = 6:

fAB;AC;BA;BC;CB;CAg :

Special case:

If n = r, Ann = n! is obtained. It is called permutations without repetition, and it

is written as follows:

Pn = n!:

Example 1.4 The permutations of 3 elements from (A, B, C):

P3 = 3! = 6:

fABC;ACB;BAC;BCA;CAB;CBAg :
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Remark 1.1 The number of permutations when n is not distinct can be calculated

using the formula:

Pn =
n!

n1!� n2!� : : :� nk!
; and (n=n1+n2+. . .+nk) :

Where:

n is the total number of items.

n1; n2; : : : ; nk are the frequencies (counts) of each distinct item.

Example 1.5 How many di¤erent permutations of the word errer are possible?

P5 =
5!

3!� 2! = 10:

ferrer; eerrr; ererr; errre; rerer; rreer; rrree; rerre; reerr; rrereg :

3. Case: Order Does Not Matter (without repetition)

The number of combinations is as follows : Cnr =
n!

r! (n� r)! :

Example 1.6 If you have 3 elements (A;B;C) and want to choose 2 without regard

to order:

C32 =
3!

2! (3� 2)! = 3:

fAB;AC;BCg :

Example 1.7 � How many ways can 5 di¤erent books be arranged on a shelf? Solu-

tion: 5!:

� How many ways can 3 students be chosen from a group of 8 students? Solution:

C8
3:

� In a competition, ther are 10 con testants: How many ways can 3 contestants be

chosen for the three positions? Solution: A103 :
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CHAPTER 2

Introduction to Probability

Probability or Chance is a word we often encounter in our day to day life.

The branch of mathematics which studies The in�uence of chance is the theory of Prob-

ability.

Hence the probability is a concept which numerically measures the degree of certainty or

uncertainty of occurrence or non-occurrence of events (in discussion).

2.1 Basic Terminology

De�nition 2.1 ( Random Experiment) is a process or procedure that results in one of

several possible outcomes, but the exact outcome cannot be predicted with certainty before

the experiment is conducted. In other words, the outcome is unpredictable, even though all

possible outcomes are known. For example:

(a) Rolling a die.

(b) Tossing a coin.

(c) Asking for opinion about a new car model.

De�nition 2.2 (Sample Space) It is the set of all possible outcomes of some given exper-

iment, is denoted by 
. For example:
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(a) Rolling a die: 
= {1,2,3,4,5,6}.

(b) Tossing a coin: 
= {H,T}.

(c) Asking for opinion about a new car model: 
= {like,dislike,undecided}.

De�nition 2.3 (Event) An event is a subset of a sample space.

� If an event consist of single element is called simple event.

� The empty ; set is called impossible event.

� The sample space 
 is called the certain event.

2.2 The Algebra of Events

We can combine two events A and B to form a new event using various operations sets as

follows:

� A [B is the event that occur if A occurs or B occurs.

� A \B is the event that occur if A occurs and B occurs.

� A is the complement of A, is the event that occurs if A does not occur.

� A�B is the event A but not B:

� Two events A and B are mutually exclusive or (disjoint) if A \B = ;:

� A�B = A \B:

� A \ A = ;:

� A [ A = 
:

� A = 
� A:

� A [B = A \B:

� A \B = A [B:
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2.2. THE ALGEBRA OF EVENTSCHAPTER 2. INTRODUCTION TO PROBABILITY

Example 2.1 A die is tossed. Let A be the event �even numbers�, B be the event �odd

numbers�and C be the event �prime numbers�.

� 
 = f1; 2; 3; 4; 5; 6g :

� A = f2; 4; 6g :

� B = f1; 3; 5g :

� C = f2; 3; 5g :

� A [B = 
:

� A \ C = f2g :

� C = f1; 4; 6g :

� A� C = f4; 6g :

Example 2.2 A coin is tossed three times. Let A be the event that two or more heads appear,

and B be the event that all the same. Describe the events A \ B. Does they are disjoint?

Why?

� 
 = fHHH;HHT;HTH; THH; THH; THT; TTHg :

� A = fHHH;HHT;HTH; THHg:

� B = fHHH;TTTg:

� A \B = fHHHg:

Two events are disjoint if they have no outcomes in common. Since A \ B contains the

outcome HHH, A and B are not disjoint because they share this common outcome.
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2.3 Notion of Probability

The purpose of this section is to assign to each event A 2 
 a real number, called the

probability of that event and denoted P (A). The value P (A) is a measure of the chances of

the occurrence of event A during the considered random experiment.

The probability of an event A is calculated using the formula:

P (A) =
Number of favorable outcomes

Total number of possible outcomes
:

Example 2.3 What is the probability of throwing one dice and get :

a) an even number?

b) a number divisible by three?

c) a number less than six ?

a) Even number: 1
2

b) Number divisible by three: 1
3

c) Number less than six: 5
6

Example 2.4 What is the probability that if we choose a trinity from 19 boys and 12 girls,

we will have :

a) three boys?

b) three girl?

c) two boys and one girl ?

Total combinations = C313 = 4495:

a) P(3 boys) = C193
C313

= 969
4495

� 0:215:

b) P(3 girls) = C123
C313

= 220
4495

� 0:049:

c) P(2 boys and 1 girl) = C192 �C121
C313

= 2052
4495

� 0:456:

2.4 Rules of Probability

1. For any event A, 0 � P (A) � 1.
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2. The sum of the probabilities of all possible outcomes is 1.

3. P (A) = 1� P (A):

4. P (A [B) = P (A) + P (B)� P (A \B):

5. If A and B are disjoint events, then P (A [B) = P (A) + P (B):
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CHAPTER 3

Conditional Probability and Independent
Events

3.1 Conditional Probability

The conditional probability of A given B, denoted P(A/B), is the probability that event has

occurred in a trial of a random experiment for which it is known that event B has de�nitely

occurred. It may be computed by means of the following formula:

P (A=B) =
P (A \B)
P (B)

:

Example 3.1 A fair (unbiased) die is rolled.

a. Find the probability that the number rolled equal to �ve, given that it is odd.

b. Find the probability that the number rolled is odd, given that it is a �ve.

First, we identify the sample space when rolling a fair die, which consists of the numbers

f1; 2; 3; 4; 5; 6g:

Next, we de�ne the relevant events:

Let A be the event that the number rolled is a �ve.

Let B be the event that the number rolled is odd.

a:P (A j B) = P (A\B)
P (B)

=
1
6
1
2

= 1
3
:

b:P (B j A) = P (A\B)
P (A)

=
1
6
1
6

= 1:
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3.2 Independent Events

Events A and B are independent if

P (A \B) = P (A) � P (B):

If A and B are not independent then they are dependent.

Remark 3.1 If A and B are independent then P (A j B) = P (A\B)
P (B)

= P (A)�P (B)
P (B)

= P (A):

Example 3.2 A single fair die is rolled. Let A = f3g and B = f1; 3; 5g: Are A and B

independent?

P (A) = 1
6
; P (B) = 1

2
; and P (A \ B) = P (f3g) = 1

6
: Since the product P (A) � P (B) =

(1=6)(1=2) = 1=12 is not the same number as P (A \ B) = 1=6; the events A and B are not

independent.

3.3 Bayes�Theorem

If we have two events A and B, the conditional probability of event A given event B can be

calculated using the following formula:

P (A=B) =
P (A) � P (B=A)

P (A) � P (B=A) + P (A) � P (B=A)

Proof. We use the de�nition of conditional probability and the fact that

B = B \ 


= B \
�
A [ A

�
= (B \ A) [

�
B \ A

�
:

So,

P (B) = P (B \ A) + P
�
B \ A

�
= P (A) � P (B=A) + P (A) � P (B=A):
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So,

P (A=B) =
P (A \B)
P (B)

=
P (A) � P (B=A)

P (A) � P (B=A) + P (A) � P (B=A)
:
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CHAPTER 4

Random variables

De�nition 4.1 For a given sample space 
 of some experiment, a random variable (r.v.) is

a rule that associates a number with each outcome in the sample space 
.

In mathematical language, a random variable is a �function�whose domain is the sample

space and whose range is the set of real numbers:

X : 
! R

There are two types of random variables:

1. Discrete Random Variables

2. Continuous Random Variables

4.1 Discrete Random Variables

De�nition 4.2 A random variable is discrete if it can take on a countable number of values

(e.g., number of heads in coin tosses).

4.1.1 Probability Distribution

De�nition 4.3 The probability distribution of a discrete random variable X is a list of each

possible value of X together with the probability that X takes that value in one trial of the

experiment.
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The probabilities in the probability distribution of a random variable X must satisfy the

following two conditions:

� Each probability P(x) must be between 0 and 1:0 � P (x) � 1:

� The sum of all the possible probabilities is 1:
X

P (x) = 1:

Example 4.1 A fair coin is tossed twice. Let X be the number of heads that are observed.

a: Construct the probability distribution of X.

b. Find P (X � 1):

a. The possible values that X can take are 0, 1, and 2. Each of these numbers corres-

ponds to an event in the sample space 
 = fhh; ht; th; ttg of equally likely outcomes for this

experiment:

X = 0 to fttg; X = 1 to fht; thg; and X = 2 to hh:

The probability of each of these events, hence of the corresponding value of X, can be

found simply by counting, to give

x 0 1 2
P (x) 0:25 0:50 0:25

This table is the probability distribution of X.

b. P (X � 1) = P (1) + P (2) = 0:75:

4.1.2 Cumulative Distribution Function

De�nition 4.4 The cumulative distribution function (CDF) of discrete random variable X

is de�ned as

FX(x) = P (X � x) =
X
k�x

P (X = k):

Example 4.2 For example 4.1 c. Find the CDF of X:

FX(x) =

8>><>>:
0 for x � 0;
P (X = 0) for 0 � x � 1;
P (X = 0) + P (X = 1) for 1 � x � 2;
P (X = 0) + P (X = 1) + P (X = 2) for 2 � x:

Department of Hydraulicsp. 51Dr. S. Aichouche, Department of Hydraulics, Universtity of M�sila p. 51



4.1. DISCRETE RANDOM VARIABLESCHAPTER 4. RANDOM VARIABLES

FX(x) =

8>><>>:
0 for x � 0;
0:25 for 0 � x � 1;
0:75 for 1 � x � 2;
1 for 2 � x:

4.1.3 The Mean and Standard Deviation

De�nition 4.5 � The mean (also called the "expectation value" or "expected value") of

a discrete random variable X is the number

� = E(X) =
X

xP (x):

� The variance V (X) of a discrete random variable X is the number

V (X) =
X
(x� �)2P (x) =

hX
x2P (x)

i
� �2:

� The standard deviation, �, of a discrete random variable X is the square root of its

variance, hence is given by the formulas

� =
q
[
X

x2P (x)]� �2:
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Example 4.3 For example 4.1 d. Compute each of the following quantities.

1. The mean � of X:

2. The variance V (X) of X:

3. The standard deviation � of X.

� = 1:

V (X) = 0:5:

� = 0:7:

4.2 Continuous Random Variables

De�nition 4.6 A continuous random variable is one which takes an in�nite number of pos-

sible values. Continuous random variables are usually measurements. Examples include

height, weight, the amount of sugar in an orange, the time required to run a mile.

4.2.1 Probability Density Function

De�nition 4.7 Random variable X is continuous if probability density function (pdf) f is

continuous at all but a nite number of points and possesses the following properties:

� f(x) � 0; for all x;

�
+1Z
�1

f(x)dx = 1;

� P (a � X � b) =
bZ
a

f(x)dx:

The �rst two conditions in the de�nition state the properties necessary for a function to

be a valid pdf for a continuous random variable. The third condition tells us how to use a pdf

to calculate probabilities for continuous random variables.
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4.2.2 Cumulative Distribution Function

De�nition 4.8 The (cumulative) distribution function (cdf) for random variable X

is

F (x) = P (X � x) =
xZ

�1

f(t)dt;

and has properties

� limx!�1F (x) = 0;

� limx!+1F (x) = 1;

� if x1 < x2; then F (x1) � F (x2); that is, F is nondecreasing,

� P (a � X � b) = P (X � b)� P (X � a) = F (b)� F (a) =
bZ
a

f(x)dx;

� P (a � X � b) = P (a < X < b) = F (b)� F (a);

� P (X � a) =
aZ

�1

f(x)dx = F (a);

� P (X � a) = 1� P (X < a) = 1� F (a);

� F 0(x) = d
dx

xZ
�1

f(t)dt = f(x):

4.2.3 The Mean and Standard Deviation

De�nition 4.9 The expected value or mean of random variable X is given by

� = E(X) =

+1Z
�1

xf(x)dx;

the variance is

V (X) = E
�
(x� �)2

�
= E(X2)� �2;

with associated standard deviation

� =
p
E(X2)� �2:
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Example 4.4 Let the random variable X denote the time a person waits for an elevator to

arrive. Suppose the longest one would need to wait for the elevator is 2 minutes, so that the

possible values of X (in minutes) are given by the interval [0; 2]: A possible pdf for X is given

by

f(x) =

8<:
x; for 0 � x � 1
2� x, for 1 < x � 2
0; otherwise

1. Prove that f (x) is a pdf.

2. Calculate the probability that a person waits less than 30 seconds (or 0.5 minutes) for

the elevator to arrive.

3. Find the cdf.

4. P (X � 1:5=1 � X � 5) :

5. Find : E (X) ; V (X) ; �:

1. X is a continuous random variable

� It is clear that f(x) � 0, for all x 2 R.

� We compute:
1Z

�1

f(x)dx =

2Z
0

f (x) dx =

1Z
0

xdx+

2Z
1

(2� x)dx = 1:

2. P (0 � X � 0:5) =
0:5Z
0

f(x)dx =

0:5Z
0

xdx = 0:125:

3. we �nd F (x); working over the intervals that f(x) has di¤erent formulas:

for x < 0 : F (x) =

0Z
�1

0dt = 0;

for 0 � x � 1 : F (x) =
xZ
0

tdt = x2

2
;
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for 1 < x � 2 : F (x) =
1Z
0

tdt+

xZ
1

(2� t)dt = 2x� x2

2
� 1;

for x > 2 : F (x) =

xZ
�1

f(t)dt = 1:

F (x) =

8>><>>:
0; for x < 0;
x2

2
; for 0 � x � 1;

2x� x2

2
� 1; for 1 < x � 2;

1; for x > 2:

4. P (X � 1:5=1 � X � 5) = P (X�1:5\1�X�5)
P (1�X�5) = P (1:5�X�5)

P (1�X�5) =
F (5)�F (1:5)
F (5)�F (1) :

5. E[X] =

1Z
�1

xf(x)dx =

1Z
0

x:xdx+

2Z
1

(2� x):xdx = 1:

E[X2] =

1Z
�1

x2f(x)dx =

1Z
0

x:x2dx+

2Z
1

(2� x):x2dx = 7
6
:

V (X) = E(X2)� �2 = 7
6
� 1 = 1

6
:

� =
q

1
6
= 1p

6
:
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CHAPTER 5

Discrete Probability Distributions

5.1 Bernoulli Distribution

The Bernoulli distribution is the simplest discrete probability distribution. It describes a

random experiment with exactly two possible outcomes, typically labeled as "success" (often

represented as 1) and "failure" (often represented as 0).

Example 5.1 :Tossing a coin, where heads might be considered a success (1) and tails a

failure (0).

� Parameters:

p: The probability of success (the outcome 1).

The probability of failure is 1� p.

We denote this as X � Bern(p):

� The possible values of X: X = f0; 1g.

� Probability distribution:

P (X = x) =

�
p if x = 1;

1� p if x = 0:

� Mean (Expected Value):

E(X) = p:
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� Variance:

V ar(X) = p(1� p):

5.2 Binomial Distribution

The binomial distribution generalizes the Bernoulli distribution. It describes the number

of successes in a �xed number of independent Bernoulli trials, each with the same probability

of success.

Example 5.2 :Flipping a coin 10 times and counting how many heads (successes) appear.

� Parameters:

n: The number of trials (experiments).

p: The probability of success on any given trial.

We denote this as X � Binom(n; p):

� The possible values of X (number of success in n trails) are: X = f0; 1; 2; 3; :::; ng.

� Probability distribution:

P (X = k) = Cnk p
k(1� p)n�k:

Where Cnk is the binomial coe¢ cient, representing the number of ways to choose k suc-

cesses from n trials.

� Mean (Expected Value):

E(X) = np:

� Variance:

V ar(X) = np(1� p):

Example 5.3 In this case, the random variable X represents the number of heads (successes)

that appear in 10 �ips. We can model X with the binomial distribution:

Department of Hydraulicsp. 58Dr. S. Aichouche, Department of Hydraulics, Universtity of M�sila p. 58



5.3. POISSON DISTRIBUTIONCHAPTER 5. DISCRETE PROBABILITY DISTRIBUTIONS

� X � Binom(n = 10; p = 0:5), where:�
n = 10(the number of �ips);

p = 0:5(the probability of getting heads in each �ip):

� The possible values of X: X = f0; 1; 2; 3; :::; 10g :

� Probability distribution:

P (X = k) = C10k 0:5
k(0:5)10�k:

Example 5.4 Calculate P (X = 3) (the probability of getting exactly 3 heads in 10 �ips):

P (X = 3) = C103 0:5
3(0:5)10�3 = 0:1172:

Calculate P (X = 5) (the probability of getting exactly 5 heads in 10 �ips):

P (X = 5) = C105 0:5
5(0:5)10�5 = 0:2461:

� Mean:

E(X) = 10� 0:5 = 5:

� Variance:

V ar(X) = 10� 0:5� 0:5 = 2:5:

5.3 Poisson Distribution

The Poisson distribution is used for counting the number of events that happen in a �xed

interval of time or space. The events must occur with a known constant mean rate, and the

events must be independent.

Example 5.5 The number of cars passing in an hour or the number of phone calls received

at a call center in a day.

� Parameter:

�: The average rate (mean) of occurrences per interval (e.g., average number of events

per hour).

We denote this as X � Poisson(�):
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� Probability distribution:

P (X = k) =
�k

k!
e��:

Where k is the number of events, and e is the base of the natural logarithm (approx-

imately 2:71828).

� Mean (Expected Value):

E(X) = �:

� Variance:

V ar(X) = �:

Example 5.6 At a library, 4 phone calls are received on average per hour. What is the

probability of receiving exactly 3 phone calls in an hour?

Here, we use the Poisson distribution with � = 4 (the average rate of phone calls per

hour). We need to calculate the probability of receiving exactly 3 calls.

Probability distribution:

P (X = k) =
�k

k!
e��:

� = 4; k = 3:

Now calculate:

P (X = 3) =
43

3!
e�4 = 0:1952:

5.3.1 Poisson Approximation to the Binomial Distri-
bution

When n (the number of trials) is large, and p (the probability of success in each trial)

is small, but the product np = � is constant (where � is the mean or expected number of

successes);

� The binomial distribution can be approximated by the Poisson distribution.

� The binomial distribution becomes di¢ cult to compute directly. The Poisson distribu-

tion provides a simpler way to estimate the probability of a given number of successes.
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� The binomial distribution involves the binomial coe¢ cient Cnk , which becomes compu-

tationally expensive as nn increases. The Poisson distribution, on the other hand, only

requires calculating powers and factorials, making it more tractable for large n and

small p.

This approximation works particularly well when np (the expected number of successes)

is moderate (i.e., neither too small nor too large).

To see this more clearly, consider the binomial probability distribution:

P (X = k) = Cnk p
k(1� p)n�k:

Now, for large n and small p, such that np = �, we can rewrite p as p = �
n
. Substituting

this into the binomial distribution:

P (X = k) = Cnk

�
�

n

�k
(1� �

n
)n�k:

For large n, we use the approximation

(1� �
n
)n = e��;

Cnk =
nk

k!
:

Thus, the binomial distribution Binom(n; p) can be approximated by the Poisson distri-

bution:

P (X = k) =
�k

k!
e��:

This is the Poisson distribution with mean � = np:

5.3.2 Conditions for the Approximation

� n should be large (typically n � 30).

� p should be small (typically p � 0:1).

� The product np = � should be a constant value, representing the expected number of

successes.
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Example 5.7 Suppose a factory produces light bulbs, and on average, 2 defective light bulbs

are produced per 1000 bulbs. If we want to �nd the probability of getting exactly 3 defective

light bulbs in a random sample of 1000 bulbs.

Given:

The number of trials n = 1000 (i.e., 1000 light bulbs),

The probability of success (defective bulb) in each trial p = 0:002 (because on average, 2

defective bulbs are produced per 1000),

The expected number of defective bulbs (mean) � = np = 1000� 0:002 = 2.

Since n is large and p is small, we can use the Poisson distribution as an approximation

to the binomial distribution.

The probability of exactly 3 defective bulbs:

P (X = 3) =
23

3!
e�2 = 0:1804:
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CHAPTER 6

Continuous Probability Distributions

6.1 Uniform Distribution U(a; b)

De�nition 6.1 The uniform distribution is a probability distribution in which every value

within a given range has the same probability of occurring.

If a random variable X follows a uniform distribution over the interval [a; b] :

� Probability Density Function (pdf):

fX(x) =

�
1
b�a ; for a � x � b;
0, otherwise.

� Cumulative Distribution Function (cdf):

FX(x) = P (X � x) =

8<:
0, if x < a;
x�a
b�a , if a � x � b;
1, if x > b:

� Mean (Expected value):

E (X) =
a+ b

2
:

� Variance:

V (X) =
(b� a)2

12
:
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Example 6.1 If you have a random variable X representing the expected lifetime of an

electronic device, which operates randomly between 3 and 5 years, you can represent this

distribution with the continuous uniform distribution:

X � U(3; 5):

fX(x) =

�
1
5�3 =

1
2
, for 3 � x � 5;

0, otherwise.

FX(x) = P (X � x) =

8<:
0; if x < 3;
x�3
5�3 ; if 3 � x � 5;
1; if x � 5:

E (X) =
3 + 5

2
= 4:

V (X) =
(5� 3)2

12
=
1

3
:

Probability that the device lasts more than 4 years:

P (X > 4) = 1� P (X � 4) = 1� FX(4) = 0:5:

6.2 Exponential Distribution Exp(�)

De�nition 6.2 The exponential distribution is a probability distribution that represents the

time between successive events in a Poisson process.

If a random variable X follows an exponential distribution with rate parameter � > 0:

� Probability Density Function (pdf):

fX(x) =

�
�e��x, for x � 0;
0, for x < 0:

� Cumulative Distribution Function (cdf):

FX(x) = P (X � x) =
�
1� e��x, for x � 0;

0, for x < 0:

� Mean (Expected value):

E (X) =
1

�
:
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� Variance:

V (X) =
1

�2
:

Example 6.2 Assume that trains arrive at a train station at an average rate of 3 trains per

hour (i.e.,� = 3 trains per hour). We want to calculate the following:

� The probability of waiting more than 20 minutes.

� The expected time between train arrivals (the mean).

� The variance in the time between train arrivals.

Since � = 3 trains per hour, we need to convert the time to minutes. 3 trains per hour

means that the rate of train arrivals is � = 3
60
= 0:05 trains per minute.

�

P (X > 20) = 1� FX(20) = e��x = e�0:05�20 = e�1 � 0:3679:

�

E (X) =
1

�
=

1

0:05
= 20 minutes:

�

V (X) =
1

�2
=

1

(0:05)2
= 400 minutes2:

6.3 Normal Distribution N(�; �2)

De�nition 6.3 The normal distribution is a probability distribution widely used in various

�elds. It follows a bell-shaped curve.

If a random variable X follows a normal distribution with mean � and standard deviation

�:

� Probability Density Function (pdf):

fX(x) =
1

�
p
2�
e�

(x��)2

2�2 :
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� Cumulative Distribution Function (cdf):

The cumulative distribution function for the normal distribution cannot be expressed

in closed form, but it represents the area under the curve of the probability density

function. It is computed using numerical integration or lookup tables.

� Mean (Expected value):

E (X) = �:

� Variance:

V (X) = �2:

6.4 Standard Normal Distribution N(0; 1)

The standard normal distribution is a special case of the normal distribution when the mean

� = 0 and the standard deviation � = 1:

� Probability Density Function (pdf):

fX(x) =
1p
2�
e�

x2

2 :

� Cumulative Distribution Function (cdf):

As with the general normal distribution, the CDF of the standard normal distribution

is computed using numerical methods or lookup tables.

� Mean (Expected value):

E (X) = 0:

� Variance:

V (X) = 1:

Proposition 6.1 Let X � N(0; 1) and a > 0; b > 0; b > a :

� P (X � a) = P (X < a) = FX (a) :
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� P (X � a) = P (X > a) = 1� FX (a) :

� P (X � �a) = P (�X � a) = P (X � a) = 1� FX (a) :

� P (X � �a) = P (�X � a) = P (X � a) = FX (a) :

� P (a � X � b) = P (X � b)� P (X � a) = FX (b)� FX (a) :

� P (�b � X � �a) = P (a � �X � b) = FX (b)� FX (a) :

� P (�a � X � b) = P (X � b)� P (X � �a) = FX (b)� 1 + FX (a) :

� P (�b � X � b) = 2FX (b)� 1:

Example 6.3 Suppose that math test scores at a certain school follow a normal distribution

with a mean of 70 and a standard deviation of 10. We want to calculate the following

probabilities:

� What is the probability of getting a score less than 80?

� What is the probability of getting a score between 60 and 80?

� First, we convert the value 80 to the standardized score z using the formula:

z =
x� �
�

=
x� 70
10

:

P (X � 80) = P (Z � 80� 70
10

)

= P (Z � 1);

Now, we look up P (Z � 1) in the standard normal distribution table (or use a calculator).

P (X � 80) � 0:8413:
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�

P (60 � X � 80) = P (X � 80)� P (X � 60)

= P (Z � 80� 70
10

)� P (Z � 60� 70
10

)

= P (Z � 1)� P (Z � �1)

= P (Z � 1)� 1 + P (Z � 1)

= 0:6826:
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Solved Exercises

Exercise Statements

Exercise N�01

What is the number of arrangements if a die is rolled

a) 2 times ?

b) 3 times ?

c) r times ?

Exercise N�02

a) In how many ways can 6 people be arranged in a line?

b)In how many ways can 5 people be arranged in a line such that

(i) two particular people of them are always together?

(ii) two particular people of them are never together?

Exercise N�03

In how many ways 3 mathematics books, 4 history books, 3 chemistry books and 2 biology

books can be arranged on a shelf so that all books of the same subjects are together?
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Exercise N�04

How many distinct permutations can be formed with all the letters of the word:

a) Msila?

b) Annaba?

Exercise N�05

A team of four has to be selected from 6 boys and 4 girls.

a) How many di¤erent ways a team can be selected?

b) How many di¤erent ways a team can be selected if at least one boy must be there in

the team?

Exercise N�06

A committee of 7 members is to be chosen from 6 artists, 4 singers and 5 writers. In how

many ways can this be done if in the committee there must be at least one member from

each group and at least 3 artists ?

Exercise N�07

Write a sample space for the following:

(a)Tossing two coins in a row. (b) Rolling two dice in a row (c) Rolling a die and a coin

at once.

Exercise N�08

In rolling two dice in a row. Let A be the event that the two faces are equal and B be

the event that the sum of two faces less than 5.

� Describe the events A or B, A et B, the complement of A and A but not B. Does A

and B are disjoint?
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� Calculate: P (A); P (B); P (A \B); P (A [B); P (A); P (A�B):

Exercise N�09

A box contains 8 balls: 4 red, 3 blue qnd 1 green.

A player draws 3 balls at the same time.

� How many di¤erent sets of 3 balls can be drawn from the box?

� What is the probability that all 3 balls are red?

� What is the probability that the 3 drawn balls are all of di¤erent colors?

� What is the probability that at least two balls are blue?

Exercise N�10

There are 10 pots exposed in the shop, 2 of which have hidden defects. The customer

buys two pieces.

� What is the probability that at least one of them has a hidden bug ?

Exercise N�11

Among 7 students, we want to select 3 students to represent the class in a competition.

The order matters: the �rst is the leader, the second is the assistant, and the third is a

member.

� How many arrangements are possible to choose 3 students from 7 with order?

� What is the probability that student "Ahmed" is the leader?

� What is the probability that student "Mohamed" is among the 3 selected students?

� What is the probability that both "Ahmed" and "Mohamed" are among the selected

students?
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� How many arrangements are possible if "Ahmed" must be the leader and "Mohamed"

must be the assistant?

Exercise N�12

Three shooters shoot at the same target, each of them shoots just once. The �rst one

hits the target with a probability of 70%, the second one with a probability of 80% and the

third one with a probability of 90%.

1. What is the probability that the three shooters will not hit the target?

2. What is the probability that the shooters will hit the target at least once (in two

di¤erent ways)?

Exercise N�13

A jar contains 10 marbles, 7 black and 3 white. Two marbles are drawn without replace-

ment, which means that the �rst one is not put back before the second one is drawn.

1. What is the probability that both marbles are black?

2. What is the probability that exactly one marble is black?

3. What is the probability that at least one marble is black?

Exercise N�14

A chemical analysis laboratory receives a batch of test tubes.

These tubes are supplied by three di¤erent companies A, B and C in the following propor-

tions: 50%, 30% and 20%. 2% of the tubes manufactured by A, 3% of those manufactured

by B and 4% of those manufactured by C have defects. A test tube is randomly selected

from the batch received.

1. What is the probability that it is defective?
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2. Knowing that the chosen tube is defective, what is the probability that it comes from

company A?

Exercise N�15

A discrete random variable X has the following probability distribution:

x -1 0 1 4
P(x) 0.2 0.5 � 0.1

Compute each of the following quantities.

1. �

2. P (0):

3. P (X > 0):

4. P (X � 0):

5. P (X � �2):

6. The mean � of X.

7. The variance V (X) of X.

8. The standard deviation � of X.

9. Cumulative Distribution Function of X.

10. E(2X � 3) and V ar(2X � 3).

Exercise N�16

A pair of fair dice is rolled. Let X denote the sum of the number of dots on the top faces.

1. Construct the probability distribution of X for a paid of fair dice.
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2. Find P (X � 9):

3. Find the probability that X takes an even value.

Exercise N�17

Let X be a random variable with The probability density function (PDF) given by

fX(x) =

�
cx2; for jxj � 1
0; otherwise

1. Find the constant c:

2. Find E (X) and V ar(X):

3. Find P (X � 1
2
).

4. Obtain the cumulative distribution function (CDF) FX(x) of X.

5. Find P (X � 1
2
=X � 3

2
).

Exercise N�18

The time in hours, X, between computer failures is a continuous random variable with

density function

fX(x) =

�
�e�0:01x; for x � 0
0; otherwise

� Find the value of � hence compute :

(a) P (50 � x < 150)

(b) P (x < 100)

Exercise N�19

Complete the following table:
Discrete Probability Distributions Notation P (X = x) E (X) V (X) S (X)
Bernoulli distribution
Binomial distribution
Poisson distribution
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Exercise N�20

Suppose that the probability that a Algerian man has high blood pressure is 0.15. Suppose

that we randomly select a sample of 6 Algerian men.

1. Find the probability distribution of the random variable (X) representing the number

of men with high blood pressure in the sample.

2. Find the expected number of men with high blood pressure in the sample (mean of X).

3. Find the variance X.

4. What is the probability that there will be exactly 2 men with highblood pressure?

5. What is the probability that there will be at most 2 men with high blood pressure?

6. What is the probability that there will be at lease 4 men with highblood pressure?

Exercise N�21

There is a service station on a highway, and it is found that the number of cars arriving

at the station per hour follows a Poisson distribution with a rate of � = 5 cars per hour.

1. What is the probability that 3 cars will arrive at the station in one hour?

2. What is the probability that fewer than two cars will arrive at the station in one hour?

Exercise N�22

Complete the following table:

Continuous Probability Distributions Notation fX (x) FX (x) E (X) V (X) S (X)
Uniform distribution
Exponential distribution
Normal distribution
Standard Normal distribution
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Exercise N�23

Let X be a continuous random variable that follows a uniform distribution over the

interval [10; 20]:

1. Find the cumulative distribution function FX(x) for X over the interval [10; 20]:

2. Calculate the expected value (mean) E(X) of the random variable X.

3. Calculate the variance V ar(X) of X.

4. If Y = 3X + 5, �nd E(Y ) and V ar(Y ):

Exercise N�24

The exponential distribution is commonly used to describe the time between events in

a process that occurs at a constant rate (such as the waiting time between customer arrivals).

Assume that the waiting time between customer arrivals at a store follows an exponential

distribution with a rate of � = 0:1 customers per minute.

1. Calculate the expected value E(X) of the distribution.

2. Calculate the variance V ar(X).

3. Calculate the probability that a customer arrives within 5 minutes.

4. Calculate the probability that a customer does not arrive within 10 minutes.

Exercise N�25

The ages of students in a certain school follow a normal distribution with a mean � = 18

years and a standard deviation � = 2:5 years.

1. If a student is 20 years old, calculate the standard score (Z) for this student.
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2. Calculate the probability that a randomly selected student is younger than 20 years

old.

3. If we want to calculate the probability that a randomly selected student is between 16

and 20 years old, how would we do that using the standard normal distribution?

Exercise Solutions

Exercise N�01

(a) 62:

(b) 63:

(c) 6r:

Exercise N�02

a) 6:5:4:3:2:1 = 6!:

b)

(i) We consider the arrangements by taking 2 particular people together as one and hence

the remaining 4 can be arranged in 4! = 24 ways. Again two particular people taken together

can be arranged in two ways. Therefore, there are 24� 2 = 48 total ways of arrangement.

(ii) Among the 5! = 120 permutations of 5 people, there are 48 in which two people

are together. In the remaining 120 �48 = 72 permutations, two particular people are never

together.

Exercise N�03

First we take books of a particular subject as one unit. Thus there are 4 units which

can be arranged in 4! = 24 ways. Now in each of arrangements, mathematics books can be

arranged in 3! ways, history books in 4! ways, chemistry books in 3! ways and biology books

in 2! ways. Thus the total number of ways = 4!� 3!� 4!� 3!� 2! = 41472.
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Exercise N�04

a) P5 = 5! = 120:

b) P6 = 6!
3!�2!�1! = 60:

Exercise N�05

a) Number of ways: C104 :

b) Combination of a four-member team with at least one boy are: {(BGGG), (BBGG),

(BBBG), (BBBB)}.

Number of ways one boy and three girls can be selected = C61 � C43 = 6� 4 = 24:

Number of ways two boys and two girls can be selected = C62 � C42 = 15� 6 = 90:

Number of ways three boys and one girl can be selected = C63 � C41 = 20� 4 = 80:

Number of ways four boys can be selected = C64 = 15:

Total number of ways to form such a team = 24 + 90 + 80 + 15 = 209:

Exercise N�06

For the given condition, possible ways to select members for a committee of 7 members.

(3A, 3S, 1W) � -> C63 � C43 � C51 = 20� 4� 5 = 400:

(3A, 1S, 3W) � -> C63 � C41 � C53 = 20� 4� 10 = 800:

(3A, 2S, 2W) � -> C63 � C42 � C52 = 20� 6� 10 = 1200:

(4A, 2S, 1W) � -> C64 � C42 � C51 = 15� 6� 5 = 450:

(4A, 1S, 2W) � -> C64 � C41 � C52 = 15� 4� 10 = 600:

(5A, 1S, 1W) � -> C65 � C41 � C51 = 6� 4� 5 = 120:

Thus, the total no. of ways is

= 400 + 800 + 1200 + 450 + 600 + 120

= 3570:

Exercise N�07
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(a) Tossing Two Coins:


 = fHH;HT; TH; TTg:

(b) Rolling Two Dice:


 = f(1; 1); (1; 2); (1; 3); (1; 4); (1; 5); (1; 6);

(2; 1); (2; 2); (2; 3); (2; 4); (2; 5); (2; 6);

(3; 1); (3; 2); (3; 3); (3; 4); (3; 5); (3; 6);

(4; 1); (4; 2); (4; 3); (4; 4); (4; 5); (4; 6);

(5; 1); (5; 2); (5; 3); (5; 4); (5; 5); (5; 6);

(6; 1); (6; 2); (6; 3); (6; 4); (6; 5); (6; 6)g

(c) Rolling a Die and a Coin:


 = f(1; H); (1; T ); (2; H); (2; T ); (3; H); (3; T ); (4; H); (4; T ); (5; H); (5; T ); (6; H); (6; T )g:

Exercise N�08

� A = f(1; 1); (2; 2); (3; 3); (4; 4); (5; 5); (6; 6)g :

(1,1) ! sum = 2

(1,2) ! sum = 3

(2,1) ! sum = 3

(1,3) ! sum = 4

(2,2) ! sum = 4

(3,1) ! sum = 4

� B = f(1; 1); (1; 2); (2; 1); (1; 3); (2; 2); (3; 1)g :

� A or B: A [B = f(1; 1); (1; 2); (2; 1); (1; 3); (2; 2); (3; 1); (3; 3); (4; 4); (5; 5); (6; 6)g:

� A and B: A \B = f(1; 1); (2; 2)g:

� Complement of A (A): 30 outcomes (all except (1; 1); (2; 2); (3; 3); (4; 4); (5; 5); (6; 6)).
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� A but not B: A�B = f(3; 3); (4; 4); (5; 5); (6; 6)g:

� Two events are disjoint if they have no outcomes in common. Since the outcome

common to both A and B is f(1; 1); (2; 2)g, A and B are not disjoint.

Exercise N�09

1. Total ways to draw 3 balls: �
8

3

�
= 56

2. Probability all 3 balls are red: �
4
3

��
8
3

� = 4

56
=
1

14

3. Probability all balls are di¤erent colors:�
4
1

�
�
�
3
1

�
�
�
1
1

��
8
3

� =
12

56
=
3

14

4. Probability at least 2 blue:

Two cases: exactly 2 blue or exactly 3 blue.

Exactly 2 blue + 1 other:
�
3

2

�
�
�
5

1

�
= 3 � 5 = 15

Exactly 3 blue:
�
3

3

�
= 1

Total favorable outcomes = 15 + 1 = 16

P (at least 2 blue) =
16

56
=
2

7

Exercise N�10

P =
C12 � C18
C210

+
C22
C210

=
17

45
= 0:38:

Exercise N�11
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1. Total arrangements of 3 students from 7:

P (7; 3) = 7 � 6 � 5 = 210

2. Probability that "Ahmed" is the leader:

P =
P (6; 2)

P (7; 3)
=
6 � 5
210

=
30

210
=
1

7

3. Probability that "Mohamed" is among the 3 selected:

Number of arrangements including Mohamed: P (6; 2) � 3?

Let�s compute step by step: - Total ways to choose 2 remaining students from 6:

P (6; 2) = 6 � 5 = 30 - Mohamed can be in any of the 3 positions: multiply by 3?

Actually already counted in permutations? (We can clarify in detailed solution)

For simplicity in concise form, assume similar logic as above:

P =
favorable arrangements

210
=
calculate
210

4. Probability that both "Ahmed" and "Mohamed" are among selected: - Choose 1 re-

maining student from 5: 5 ways - Number of arrangements of 3 students with Ahmed

and Mohamed �xed somewhere: 3! = 6 - Total favorable arrangements = 5 * 6 = 30

P =
30

210
=
1

7

5. Arrangements if "Ahmed" is leader and "Mohamed" is assistant: - Only 1 choice for

the remaining student from 5: 5 ways - Total arrangements = 5

Exercise N�12

1. P (all miss) = P1 � P2 � P3 = 0:3� 0:2� 0:1 = 0:006:

� The �rst method

P (at least one hits)= 1� P (all miss)= 1� 0:006 = 0:994:
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� The second method

P (at least one hits)= P1P2P3 + P2P1P3 + P3P1P2 + P1P2P3 + P2P1P3 + P3P1P2 +

P1P3P2

= 0:014 + 0:024 + 0:054 + 0:056 + 0:126 + 0:216 + 0:504

= 0:994:

Exercise N�13

1. P (B1 \B2) = 0:47:

2. P (B1 \W2) + P (W1 \B2) = 0:23 + 0:23 = 0:46:

3. P (B1 \B2) + P (B1 \W2) + P (W1 \B2) = 0:93:

Exercise N�14

Let P (A) = 0:50 (Probability that a tube is from company A).

Let P (B) = 0:30 (Probability that a tube is from company B).

Let P (C) = 0:20 (Probability that a tube is from company C).

Now, we know the probabilities of a defective tube from each company:
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Defect rate for A: P (D j A) = 0:02:

Defect rate for B: P (D j B) = 0:03:

Defect rate for C: P (D j C) = 0:04:

1. P (D) = P (D=A):P (A) + P (D=B):P (B) + P (D=C):P (C) = 0:002 � 0:5 + 0:003 � 0:3 +

0:004� 0:2 = 0:0027:

2. P (A j D) = P (DjA)�P (A)
P (D)

=0:002�0:5
0:0027

= 0:3703704:

Exercise N�15

1. Since all probabilities must add up to 1, a = 1� (0:2 + 0:5 + 0:1) = 0:2:

2. Directly from the table, P (0) = 0:5:

3. From Table : P (X > 0) = P (1) + P (4) = 0:2 + 0:1 = 0:3:

4. From Table : P (X � 0) = P (0) + P (1) + P (4) = 0:5 + 0:2 + 0:1 = 0:8:

5. Since none of the numbers listed as possible values for X is less than or equal to -2, the

event X � �2 is impossible, so P (� �2) = 0:

6. Using the formula in the de�nition of � :

� =
X

xP (x) = (�1) � (0:2) + (0) � (0:5) + (1) � (0:2) + (4) � (0:1) = 0:4:

7. Using the formula in the de�nition of V (X) :

V (X) =
X
(x��)2P (x) = (�1�0:4)2�(0:2)+(0�0:4)2�(0:5)+(1�0:4)2�(0:2)+(4�0:4)2�(0:1) = 1:84:

8. � =
p
1:84 = 1:3565:

9. Cumulative Distribution Function of X:

x -1 0 1 4
P(x) 0.2 0.5 0.2 0.1
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FX(x) =

8>>>><>>>>:
0 for x � �1;
P (X = �1) for � 1 � x � 0;
P (X = �1) + P (X = 0) for 0 � x � 1;
P (X = �1) + P (X = 0) + P (X = 1) for 1 � x � 4;
P (X = �1) + P (X = 0) + P (X = 1) + P (X = 4) for 4 � x:

FX(x) =

8>>>><>>>>:
0 for x � �1;
0:2 for � 1 � x � 0;
0:7 for 0 � x � 1;
0:9 for 1 � x � 4;
1 for 4 � x:

10. E(2X � 3) and V ar(2X � 3):

E(2X � 3) = 2E(X)� 3;

V ar(2X � 3) = 22V ar(X):

Exercise N�16

1. The sample space of equally likely outcomes is

11, 21, 31, 41, 51, 61, 12, 22, 32, 42, 52, 62, 13, 23, 33, 43, 53, 63, 14, 24, 34, 44, 54, 64,

15, 25, 35, 45, 55, 65, 16, 26, 36, 46, 56, 66.

where the �rst digit is die 1 and the second number is die 2.

The possible values for X are the numbers 2 through 12. X=2 is the event {11}, so

P(2)=1/36. X=3 is the event {12,21}, so P(3)=2/36. Continuing this way we obtain the

following table

x 2 3 4 5 6 7 8 9 10 11 12
P (x) 1

36
2
36

3
36

4
36

5
36

6
36

5
36

4
36

3
36

2
36

1
36

This table is the probability distribution of X

2. The event X � 9 is the union of the mutually exclusive events X=9, X=10, X=11, and

X=12. Thus

P (X � 9) = P (9) + P (10) + P (11) + P (12) = 4

36
+
3

36
+
2

36
+
1

36
=
10

36
= 0:27:
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3. Before we immediately jump to the conclusion that the probability that X takes an even

value must be 0.5, note that X takes six di¤erent even values but only �ve di¤erent

odd values. We compute

P (X is even) = P (2)+P (4)+P (6)+P (8)+P (10)+P (12) =
1

36
+
3

36
+
5

36
+
5

36
+
3

36
+
1

36
=
18

36
= 0:5:

Exercise N�17

1. To �nd c, we can use

1Z
�1

f(x)dx = 1:

1 =

1Z
�1

f(x)dx

=

1Z
�1

cx2dx

=
2

3
c:

Thus, we must have c = 3
2
:

2.

E[X] =

1Z
�1

xf(x)dx =

1Z
�1

3

2
x3dx = 0:

V (X) = E(X2)� �2 =
1Z

�1

x2f(x)dx =

1Z
�1

3

2
x4dx =

3

5
:

3. To �nd P (X � 1
2
), we can write

P (X � 1

2
) =

3

2

1Z
1
2

x2dx =
7

16
:

4. To obtain the cumulative distribution function (CDF)FX(x) of the random variable X

with the probability density function (PDF) given by:

fX(x) =

�
3
2
x2; for jxj � 1;
0; otherwise.
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we need to integrate the PDF over the appropriate intervals. The CDF is de�ned as:

FX(x) =

xZ
�1

fX(t) dt:

For x < �1 :

FX(x) = 0;

For �1 � x � 1 :

FX(x) =

xZ
�1

3

2
t2 dt =

x3 + 1

2
;

For x � 1 :

FX(x) =

1Z
�1

3

2
t2 dt = 1:

FX(x) =

8<:
0; for x < �1;

x3+1
2
; for� 1 � x � 1;
1; for x � 1:

5.

P (X � 1

2
=X � 3

2
) =

P (X � 1
2
\X � 3

2
)

P (X � 3
2
)

=
P (1

2
� X � 3

2
)

P (X � 3
2
)

=
FX(

3
2
)� FX(12)
FX(

3
2
)

= 0:4375:

Exercise N�18

f(x) � 0 for all x in 0 < x <1. Thus

1 = �

1Z
0

e�0:01xdx = 100�) � = 0:01:

P (50 � x < 150) = 0:3834005:

P (x < 100) = 0:6321206:
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Exercise N�19

Notation P (X = x) E (X) V (X) S (X)

Bernoulli Bern(p) P (X = x) =

�
p if x = 1

1� p if x = 0 p p(1� p)
p
p(1� p)

Binomial Binom(n; p) P (X = k) = Cnkp
k(1� p)n�k np np(1� p)

p
np(1� p)

Poisson Poisson(�) P (X = k) =�k

k!
e�� � �

p
�

Exercise N�20

Given:

The probability that an Algerian man has high blood pressure is p = 0:15:

A random sample of n = 6 Algerian men is selected.

The number of men with high blood pressure in the sample is a binomial random variable

X, which follows the binomial distributionX � Binomial(n = 6; p = 0:15):

� The possible values of X (number of success in n trails) are: X = f0; 1; 2; 3; 5; 6g.

� Probability distribution:

P (X = k) = C6k0:15
k:0:856�k:

Let�s calculate the probabilities for all k:

For k = 0 :

P (X = 0) = C600:15
0:0:856�0 = 0:377:

For k = 1 :

P (X = 1) = C610:15
1:0:856�1 = 0:402:

For k = 2 :

P (X = 2) = C620:15
2:0:856�2 = 0:205:

For k = 3 :
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P (X = 3) = C630:15
3:0:856�3 = 0:058:

For k = 4 :

P (X = 4) = C640:15
4:0:856�4 = 0:008:

For k = 5 :

P (X = 5) = C650:15
5:0:856�5 = 0:0004:

For k = 6 :

P (X = 6) = C660:15
6:0:856�6 = 0:000011:

�

E(X) = n � p = 6� 0:15 = 0:9:

�

V ar(X) = n � p � (1� p) = 6� 0:15� 0:85 = 0:765:

�

P (X = 2) � 0:205:

�

P (X � 2) = P (X = 0) + P (X = 1) + P (X = 2) � 0:984:

�

P (X � 4) = P (X = 4) + P (X = 5) + P (X = 6) � 0:0084:

Exercise N�21

� The rate � = 5 cars per hour. We want to calculate the probability of 3 cars arriving,

i.e.,k = 3.
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We use the Poisson distribution formula:

P (X = k) =
�k

k!
e��

P (X = 3) =
53

3!
e�5 = 0:1396:

�

P (X < 2) = P (X = 0) + P (X = 1)

=
50

0!
e�5 +

51

1!
e�5

= 0:0402:

Exercise N�22

Notation fX (x) FX (x) E (X) V (X) S (X)

U. d. U(a; b) =

�
1
b�a for a � x � b;
0 otherwise.

=

8<:
0 if x � a;
x�a
b�a if a � x � b;
1 if x � b:

a+b
2

(b�a)2
12

q
(b�a)2
12

E. d. Exp(�) =

�
�e��x for x � 0;
0 for x < 0:

=

�
1� e��x for x � 0;

0 for x < 0:
1
�

1
�2

1
�

N. d. N(�; �2) = 1
�
p
2�
e�

(x��)2

2�2 = � �2 �

S. N. d N(0; 1) = 1p
2�
e�

x2

2 = 0 1 1

Exercise N�23

�

FX (x) =

8<:
0 if x � 10;
x�10
10

if 10 � x � 20;
1 if x � 20:

�

E (X) =
a+ b

2
= 15:

�

V (X) =
(b� a)2

12
=
100

12
� 8:33:

� If Y = 3X + 5 :

E (Y ) = 3E(X) + 5 = 50:

V (Y ) = 32 � V ar(X) = 9 � 8:33 = 74:97:
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Exercise N�24

�

E (X) =
1

�
= 10 minutes:

�

V (X) =
1

�2
= 100 minutes2:

� To calculate this probability, we use the cumulative distribution function (CDF) for

the exponential distribution:

FX(x) = 1� e��x

P (X � 5) = 1� e�0:1�5 = 1� e�0:5 � 1� 0:6065 = 0:3935:

�

P (X > 10) = 1� P (X � 10) = 1� FX(10) = 0:3679:

Exercise N�25

� The formula for calculating the Z-score is:

Z =
X � �
�

=
20� 18
2:5

= 0:8:

�

P (X < 20) = P (Z < 0:8) � 0:7881:

�

P (16 < X < 20) = P (�0:8 < Z < 0:8)

= P (Z < 0:8)� P (Z < �0:8)

= 0:7881� 0:2113 = 0:5768:
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